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ABSTRACT 

 

 

The current systematic review provides an overview of the new studies on the concomitant impact of 

the implementation of digital leadership (DL) and Artificial Intelligence (AI) on the employee Innovative 

Work Behavior (IWB). The incorporation of technology in the modern context of the organizational 

environment, as well as the modern practices of leadership, has become the most significant factor in 

enhancing the creativity of the workforce in these organizations in the context of the ongoing process 

of digital innovations they pass through. Within the theoretical terms of Cognitive Evaluation Theory 

(CET) and the Cognitive-Affective Processing System (CAPS), this paper discusses how digital leaders 

can provide psychological safety, build digital literacy and overcome fears of technological 

displacement. Meanwhile, the review analyses the redistribution of the cognitive capacity in terms of 

repetitive workflow to the problem-solving based on design, which is applied to AI. By systematizing the 

current empirical evidence into a conceptual framework, this review will provide key future research 

direction opportunities to researchers and practitioners. 

 

 

 

INTRODUCTION  

The work environment in the modern world has changed its structure more than ever before because of the maturity of the 

algorithmic operations and machine learning forces [1]. In a data-intensive economy, organizations are increasingly turning to individual 

employees to detect workflow friction, come up with new solutions, and implement process optimizations to have sustainable competitive 

advantage [2]. This paradigm of behavior is thought of as Innovative Work Behavior (IWB) [3]. 

As the established leadership models placed a lot of emphasis on top-down administrative leadership, the introduction of 

complex and decentralized digital ecosystems requires a new leadership model: Digital Leadership (DL) [4]. Digital leadership is a 

strategic synthesis of visionary transformation and technological proficiency enabling leaders to create cultures of unceasing 

experimentation and unrestricted knowledge dissemination [5].  

At the same time, the rapid spread of Artificial Intelligence (AI) tools has a direct impact on transforming the way everyday 

organizational activities are performed [6]. New literature shows conflicting views of the overall impact of AI implementation on the 

employment relationship. On the one hand, the human-AI partnership frees up cognitive bandwidth by automating routine, algorithmic 

processing activities, thus, allowing workers to focus the creative effort on design thinking and cross-functional experimentation [7], [8]. 

Conversely, the broad knowledge of AI processing power often evokes a sense of job insecurity, skill obsolescence and technological 

displacement anxiety - all of which have a devastating effect on the motivation of an employee to perform risk-prone innovative actions 

[9], [10].  

With these parallel developments, the dynamics between digital leadership and AI adoption to foster or inhibit employee IWB 

has become an important field of research. Although individual studies have examined some of these relationships, including the 
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contribution of digital literacy [11] or psychological empowerment [12], no single, comprehensive synthesis of the interaction between 

leadership and automation has been produced. The systematic review fulfills this research gap by synthesizing the current empirical and 

theoretical literature to answer the following research questions: 

1. How do digital leadership behaviors directly and indirectly foster employee innovative work behavior? 

2. Through what cognitive, affective, and operational mechanisms does artificial intelligence adoption alter employee capacity for 

workplace innovation? 

3. How do digital leadership and AI integration interact within modern organizational structures to drive or inhibit innovative 

outcomes? 

METHODOLOGY 

This review was done based on the Preferred Reporting Items of Systematic Reviews and Meta-Analyses (PRISMA) framework 

to ensure structural repeatability and explicit study inclusion criteria. 

A. SEARCH STRATEGY AND INFORMATION SOURCES 

Searching of electronic databases was carried out in three large academic databases: IEEE Xplore, Scopus and Web of Science 

systematically. The search syntax has incorporated certain Boolean operators and narrowed down on three conceptual blocks: 

 BLOCK 1 (LEADERSHIP): "digital leadership" OR "AI-enabled leadership" OR "algorithmic leadership" 

 BLOCK 2 (TECHNOLOGY): "artificial intelligence" OR "AI adoption" OR "machine learning usage" 

 BLOCK 3 (BEHAVIORAL OUTCOME): "innovative work behavior" OR "employee innovation" OR "creativity" 

The time frame was narrowed down to facilitate the scope of search since modern enterprise automation and digital 

management approaches are rapidly evolving. 

B. INCLUSION AND EXCLUSION CRITERIA 

To guarantee the quality and academic relevance of the synthesized literature, there were screening limits: 

 INCLUSION CRITERIA (IC): (1) Peer-reviewed empirical articles, systemic reviews, or conceptual frameworks (2) Articles that are 

in English (written entirely); (3) Articles that explicitly address the overlap of digital transformation, leadership strategies, and 

organizational behavior implications. 

 EXCLUSION CRITERIA (EC): (1) Technical computer science papers that do not include an organizational or behavioral analysis; 

(2) White papers, opinion blogs or non-peer-reviewed conference abstracts; (3) Studies that lack specific focus on the workplace 

context. 

C. DATA EXTRACTION AND SYNTHESIS 

Each eligible study came up with five key blocks of analysis; the theoretical framework adopted predominantly was the main, 

sample characteristics (geographical location, industry sector, sample size N), accurate measurement of independent and dependent 

variables, identified mediation/moderation dynamics, and key empirical results. Thematically synthesized were then used to analyze 

them, creating a consistent conceptual model out of the qualitative data. 

THEORETICAL FRAMEWORKS 

The structural relationships between digital leadership, AI integration and innovative workflows are largely based on two 

psychological frameworks that complement one another. 

A. COGNITIVE EVALUATION THEORY (CET) 

According to Cognitive Evaluation Theory, the perceived level of competence and autonomy is crucial in terms of the level of an 

individual intrinsic motivation and creative output [13]. In automated corporate settings, AI implementation can be an informational support 

system or a control mechanism [14].  

Digital leaders should grant definite autonomy and motivate employees to develop, as the use of AI is seen as an informational 

resource that helps develop a sense of competence, which further leads to an increase in creative self-efficacy (CSE) and innovative 

performance [15]. On the other hand, when leadership deploys AI as a robotic surveillance system, intrinsic motivation decreases 

considerably, replaced by employee concentration on creative experimentation by defensive compliance. 

B. COGNITIVE-AFFECTIVE PROCESSING SYSTEM (CAPS) 

The Cognitive-Affective Processing System (CAPS) model assumes that there are particular situational elements within the 

organizational environment that elicit particular internal mental and emotional responses, which eventually determines behavioral 

consequences [16]. The practice of digital leadership is a situational significant feature.  
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The positive cognitive-affective responses that a leader will incite in the employees (psychological empowerment, organizational 

commitment, and digital literacy) will be provoked by the good digital vision and supportive behaviors [17]. These positive mental states 

can be viewed as a direct relationship, where employees can see a technological disruption not as a career threat, but as an opportunity 

to engage in high-value innovative behaviors [18]. 

THEMATIC ANALYSIS OF THE LITERATURE 

A. DIGITAL LEADERSHIP AS AN ENGINE FOR INNOVATION 

The literature shows consistently that digital leadership is a crucial source of employee innovation, which is a major change of 

traditional top-down administrative paradigms [19]. Instead of needing profound knowledge in programming or hardware development, 

digital leadership focuses on the capacity to strategically utilize digital assets to make speedy, information-based judgments and create 

a sustaining, multi-functional organizational culture [20].  

According to empirical studies, digital leaders are the ones who fuel IWB through the establishment of clear communication 

pathways, information silos, and sustained learning by becoming active in creating new pathways [21]. One of the most important ways 

in which this is achieved is by the creation of digital literacy in the workforce [22]. Through technology-facilitating mentoring, digital leaders 

also make sure that employees have the technical capacity and also the confidence that they can use digital tools to create real-life 

innovations [23].  

Moreover, the implementation of digital leadership has been seen to promote proactive behavioral change, including job crafting, 

where employees themselves change their work and their working relationships to facilitate their better adaptation to the evolving 

technological world [9].  

B. THE DUAL NATURE OF AI ADOPTION: AUGMENTATION VS. DISPLACEMENT 

Implementing AI systems in daily workflows brings a unique dual dynamic that is capable of supporting or deterring innovative 

behaviors by employees, which can be summed up as follows: 

Dimension AI as an Innovation Augmentor AI as an Innovation Inhibitor 

Cognitive Resource 
Allocation 

Automates repetitive tasks, freeing up cognitive 
capacity for creative problem-solving [6]. 

Creates over-reliance, causing intellectual 
passivity and eroding independent problem-
solving skills [6]. 

Psychological 
Impact 

Increases creative self-efficacy when supported 
by collaborative human-AI system designs [1], 
[6]. 

Triggers "AI awareness" anxieties, driving job 
insecurity and reducing risk tolerance [6], [7]. 

Operational 
Workflow 

Accelerates information processing, data 
parsing, and cross-functional knowledge sharing 
[11]. 

Increases operational complexity, inducing 
technostress and self-doubt when training is 
lacking [7]. 

Table 1: Innovative Inhibitor 

It is the climate in an organization that determines the final equilibrium between these positive and negative forces. In the 

scenario where employees have high job complexity, as well as, have an inherent openness to experience, they are far more likely to 

utilize AI tools to seek out new ways of thinking and streamline work processes [24]. Nevertheless, when implementation is not clearly 

guided, defensiveness to technology displacement can easily translate to routine-following instead of innovative experimentation. 

INTERACTION MECHANISMS: MODIFYING AND MEDIATING PATHS 

Recent structural equation modeling (SEM) research indicates that digital leadership and AI adoption are not independent; 

they can interrelate via complicated internal mechanisms to affect behavior. One of the major drivers between the two notions is 

knowledge sharing.  

With the introduction of AI, companies have a chance to work with good data analysis and communication, but these 

applications require a high level of digital leadership to establish a culture where information is not stored in silos. The sharing of 

knowledge can be a vital bridge that can be supported by strong digital leadership and transform the potential of AI into practical 

innovative behavior. Security in the digital era is now a big challenge in all the fields [25]. 
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Fig 1: Framework 

Furthermore, digital leadership has a key moderating point that determines how employees view the introduction of AI. In the 

case of more advanced digital leadership, the negative pressures of AI implementation (e.g., fear of automated working processes, digital 

transformations) are minimized [26], [27].  

Digital leaders can alleviate the discomfort and self-doubt that commonly come with a fast technological shock by offering strong 

organizational support to its staff. This approach to leadership reinforces the beneficial indirect impacts of AI implementation directly and 

makes sure that innovative technological solutions continue to bring to the higher output of creative solutions and innovative workplace 

solutions. 

DISCUSSION AND FUTURE RESEARCH AGENDA 

The results produced after the synthesis show that digital leadership is the most significant culture and structural force that 

transforms the uncooked technical potential and cognitive relief offered by the AI adoption into actual innovative behavior [28], [29]. 

Without the digital leadership, the widespread implementation of AI may result in the creation of the culture of fear of employment, 

overreliance, and reduction of risk-taking [30].  

Although the existing literature offers a good background on these direct relationships, there are still considerable research gaps 

that should be filled by systematic research: 

 METHODOLOGICAL DIVERSITY: Most of the extant literature is based on cross-sectional survey designs, which do not allow 

establishing clear, long-term causal relationship. Longitudinal and experimental designs should be considered as a priority in future 

studies to be able to track the development of the behavior of employees with the ongoing integration of AI. 

 GRANULAR AI CLASSIFICATION: The existing research on the topic of the adoption of AI often views the latter as one 

homogenous notion. Future employment must be able to differentiate the various types of AI systems, including generative text 

systems, automated predictive analytics, and physical robotics, because each can be used in a unique way to influence employee 

autonomy and creative self-efficacy. 

 BOUNDARY CONDITIONS: Further studies are required to point out exactly where these relationships can be found in various 

cultural contexts, regulatory environments and industries, especially between highly automated industries such as the banking and 

IT industry and the more traditional, face-to-face service industries. 

CONCLUSION 
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The critical interdependence of digital leadership, adoption of AI, and innovative work behavior among employees is highlighted 

in this systematic review. The results indicate that although complex AI systems can liberate employee intellectual capacity to engage in 

more innovative activities, it may also cause technological fears which inhibit innovation unless addressed. 

 Digital leadership will play a crucial role in overcoming these challenges by facilitating digital literacy, encouraging free 

knowledge sharing and ensuring a favorable environment that would transform the potential technostress to good and responsive 

innovation. Lastly, an integrated approach of a high-tech application of technology and supportive and transformative digital leadership 

can assist in transforming the workforce into a high functioning and innovative one. 
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